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First Principles: Oracle Acceleron Multiplanar Network Architecture
https://blogs.oracle.com/cloud-infrastructure/post/first-principles-oracle-acceleron-multiplanar
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NVIDIA Dynamo, A Low-Latency Distributed Inference Framework for Scaling Reasoning Al Models
https://developer.nvidia.com/blog/introducing-nvidia-dynamo-a-low-latency-distributed-inference-framework-for-scaling-reasoning-ai-models/
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KV Cache 4 X

Llama3 8B Llama3 405B
n_layers 32 126
n_heads 8 8
head_dim 128 128
KV Cache / layer = 2 X (n_heads X head_dim) x 2 [FP16] |4,096 4,096
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KV Cache &

1 5

Hi

[

KV Cache size [GB] 100 400
100Gbps

400Gbps
800Gbps

KV Cache Size Calculator ZF#H L T&EH
https://Imcache.ai/kv cache calculator.html
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s this a KV Cache? Exactly. . m‘
i ;

Prefill XPU Pod Decode XPU Pod

—— XEVDRELFEHIEE !

© SAKURA internet Inc.




HEEREICH (T BScale UpnSEDESE

s IEBICKRBRAHBTIIERGDAEY 7—ILIZKV CacheZ BEL 2 &R ENMREBNEE X 1.
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AIDC®@IETF124 Agenda

Time: 10:00 - 12:00 Thursday, November 6, 2025 Location: Avenue Duluth Chairs: Jeff Tantsura (
( )

Join the meeting click on the link:
1.10:00 Open

2.10:05 - 10:55
Jai Kumar (Broadcom) Congestion Signaling (CSIG): A concise, in-band telemetry method to collect high-strength, low-overhead

'Signal’ values by inserting a fixed-size CSIG tag in packets. These packets are consumed by control loops and algorithms to
respond and converge faster to changes in load.

3. 10:55 - 11:45 Petr Lapukhov (Nvidia) Reasoning about scale-up networks from first principles

4.11:45 - 12:00 Q&A

OCP Summit SONiC-Scale-Up-WG AIDC@IETF Side Meeting
HHEI0 - WEEES https://lists.sonicfoundation.dev/g/SONiC-Scale-Up-WG https://github.com/Yingzhen-ietf/AIDC-IETF124
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JANOG56 in MATSUE
$RBAIM V772 BELThd>1=5—7 VI DEEN

SMI 22—y FHRASH HLEER
KRR 727 7 FHFEX

ERRAIA > 7 7% BEL Thh 272777 DERHE
https://www.janog.gr.ip/meeting/janogh6/wp-
content/uploads/2025/06/JANOG56-cable-design.pdf
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Observability Conference Tokyo 2025
Yuuki Tsubouchi (@yuuklt) < 56414 47—y FAZEFR

AlZ/Xay [E<BONE] @ 7 =Y T4/
Observability for Al Supercomputer SAKURAONE
https://speakerdeck.com/yuukit/observability-for-ai-
supercomputer-sakuraone
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